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Hurricane Sandy, right), in addition to data of

. One of the more common data adjustments 1s a shift backwards in time to account for a significant sensor
poor quality? time lag, used for both dissolved oxygen (DO) and pH sensors. An optimal shift is determined by iterating
across multiple times and checking which best minimizes the area between neighboring profiles (below).
The majority of Rutgers DO data has come from shallow summer deployments in stratified water, with a
strong thermocline to highlight differences between profiles. Recent deployments in well-mixed (above) or
deep (below) water has revealed unexpected difficulties in determining appropriate time-lag.
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questionable data there are still other can provide key examples of QC success stories, but also highlight the need for further
common data quality 1ssues in CTD data that Acknowledgements WOI‘IF and the potential for certain tests to 1dentify data of interest in addition to poor
need to be addressed (thermal lag), and other quality data.
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corrections that frequently need to be made
to non-CTD data (time offsets).

* Methods of applying QC can vary significantly depending on several characteristics of
the water being sampled, as well as the sampling methods utilized by the glider.




